Crarucruka, yuer u ayaur, 2(101)2026. crp. 152-163
DOI: https://www.doi.org/10.51579/1563-2415.2026.-2.11

Economics and Management
SRSTI 06.54.31
UDC 336.02:331.08

IMPACT OF ARTIFICIAL INTELLIGENCE INVESTMENT ON ENTERPRISE
TALENT RESERVE: EVIDENCE FROM CHINESE ENTERPRISES

L. Xuel, Z.T. Satpayeva®*, A.K. Tyulkubayevat, D.M. Kangalakova?®

! Al-Farabi Kazakh National University, Almaty, Kazakhstan
2Institute of Economics Science Committee of the Ministry of Science and Higher Education of the Republic of
Kazakhstan, Almaty, Kazakhstan

*Corresponding author e-mail: satpayeva.zaira@ieconom.kz

Abstract. This research aims to explore the impact mechanism and role of artificial intelligence (Al)
investment on corporate talent reserves, ensuring that enterprises maintain a competitive advantage during Al
transformation. Using StataMP 17 analysis software, this paper analyzes corporate data from Chinese listed
companies from 2014 to 2023, and conducts an empirical study on the promotion of corporate talent reserves by
Al investment from a new perspective of technological transformation. The results show that Al investment has a
significant promoting effect on corporate talent reserves; for every unit increase in Al investment, the talent
reserve ratio increases by 0.378%. Al investment promotes corporate talent reserves by increasing the
proportion of technical personnel. The study also found that regional Al subsidy policies can enhance the impact
of Al investment on talent reserves, and the promoting effect of Al investment on talent reserves is more
significant in private enterprises.

Keywords: artificial intelligence, talent reserve, investment, empirical analysis, technological
transformation.

Main provisions. This study uses the proportion of technical personnel in enterprises
as a mediating variable to analyze the transmission mechanism of Al's impact on enterprise
talent reserves. Using regional Al subsidy policies as moderating variables, analyze the
moderating mechanism of Al's impact on enterprise talent reserves. Analyze the types of
enterprises that are more suitable for this model through heterogeneity analysis. Based on
multidimensional empirical results, policy recommendations and enterprise talent strategic
planning have been proposed. These measures are aimed at supporting enterprises in building
competitive advantages during the Al transformation process.

Based on the above theory, this research proposes the following hypotheses:

Hypothesis 1: Al investment can enhance a company's talent reserve.

Hypothesis 2: Technological transition can promote the talent reserve of enterprises.

Hypothesis 3: Government subsidies can strengthen the impact of corporate Al
investment on talent reserve.
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Introduction. Artificial intelligence (Al) represents a major technological leap in
human development. The development and application of Al have sparked numerous social
transformations. Countries around the world are accelerating the introduction of relevant
policies to promote the advancement of their own Al technologies, ensuring a competitive
edge in the new round of Al technology competition. The core advantage of Al lies in its data
processing capability. When Al technology is applied to enterprises, it can improve the
efficiency of various departments within the enterprise. It can also be used to analyze
historical data and empower corporate strategic decision-making. As a universal technology,
Al is gradually breaking down the boundaries between disciplines and industries, promoting
cross-disciplinary and interdisciplinary integration. Building a professional talent reserve that
matches Al is the key to unleashing the practical value of Al. By reserving relevant talents,
enterprises will not only be able to master Al technology, but also occupy an advantageous
position in the future technological competition landscape.

The application data of Al in enterprises can enhance the effectiveness of research.
Rammer et al. [1] collected enterprise Al application data through a questionnaire survey,
analyzed the Al technology and talent matching status of companies using job advertisements
[2]. The application of Al technology in enterprises has promoted research on Al and human
resources. Al technology is reshaping work methods and skill requirements, and improving
employment standards for enterprises [3, 4]. Jaiswal et al. [5] pointed out that multinational
corporations use Al technology to train employees to match job positions. In Europe and the
United States, many companies have launched digital academies to train employees in data
analysis, interpreting Al-generated reports, and other skills [6]. In China, government
emphasis on Al education has permeated into enterprises [7]. The deepening application of Al
by enterprises has led to a sustained increase in their demand for professional talents. The
mechanism between enterprise Al investment and talent reserve has become an important
theoretical research topic. In depth exploration of the dynamic relationship between the two
provides decision-making basis for enterprises to achieve effective matching of technology
investment and talent strategy in the process of Al transformation.

Literature review. Al drives enterprise technological upgrading and the pursuit of
technical talents. Building a solid talent reserve is a crucial foundation for future enterprise
growth. The penetration of Al technology has created a demand for individuals with Al and
data analysis skills. Choi & Leigh [8] found through empirical analysis of the Greater
Metropolitan Area in the United States that investment in Al significantly increased the
demand for Al-skilled personnel, while the demand for non-Al-related labor decreased. Li et
al. [9] argues that Al must work in tandem with human cognitive skills in production, thus
increasing the demand for skilled personnel with cognitive and interpersonal interaction
abilities. Wang [10] studied manufacturing and found that investment in Al reduces total
employment but increases reliance on high-skilled positions and their compensation. This
indicates that Al investment has upgraded the structure of labor demand, emphasizing high-
level professional skills. Al investment has significant human substitution effects while
promoting industrial upgrading. The application of industrial robots in the United States is
closely related to the decline in industry labor share [11]. Al technology has not created new
jobs of corresponding scale while replacing human labor. Therefore, enterprise Al investment
needs to be synchronized with talent planning.

Technological changes correspond to changes in the human relations of enterprises.
Technological innovation will increase the demand for new talents, which prompts enterprises
to actively reserve talents in related fields [12]. From the perspective of macro level skill
structure changes, technological changes exhibit skill preference characteristics. Digital
technology has increased the demand for skilled labor while reducing reliance on ordinary
operational positions [13]. Technological changes are driving enterprises to actively reserve
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talents with new skills. Technological change requires enterprises to cultivate or introduce
high skilled talents to maintain competitiveness by utilizing emerging technologies.

Government subsidies have a significant impact on the relationship between Al
investment and talent demand. The government's support for enterprise Al research and
application can incentivize enterprises to increase technology investment and amplify their
demand for professional talents. Government subsidies can also be seen as a positive signal,
guiding resources to tilt towards Al technology and corporate talent. Professional talents and
advanced technology are the most important strategic resources for enterprises, as well as key
targets for government funding support. Reasonable financial subsidies not only enhance the
innovation momentum of enterprises, but also help motivate them to retain specialized talents.

Materials and methods. The empirical analysis data in this research comes from the
China Stock Market & Accounting Research (CSMAR) database [14]. The article uses data
from Chinese listed companies between 2014 and 2023. This article selects China as the
research context, based on three logical points: firstly, China provides national strategic and
financial support for Al, creating cross enterprise variability in Al investment; Secondly, there
is a large shortage of Al talents, and the competition for high skilled talents is fierce; Thirdly,
the dual ownership structure of state-owned and private enterprises allows for the examination
of the moderating effect of ownership nature. These institutional features make China an ideal
laboratory for testing the relationship between Al investment and corporate talent reserves.

The sample data obtained are processed as follows: removing data from companies
with abnormal operations; removing financial company data; removing missing samples;
removing single observation data for corporate entities; applying 1-99% truncation to
continuous variables in the company data. After data processing, a total of 23,196 sample
observations from 4,252 listed companies were obtained [15]. This study used a bidirectional
fixed effects regression model. Therefore, the R2 and R2_a shown in the table refer to within
R-squared and its adjusted versions within the group. The empirical analysis software is
StataMP 17.

The dependent variable of this article is talent reserve. Talent reserve uses the
proportion of personnel with bachelor's degrees or above (BDR) in listed companies as a
measure. The explanatory variable in this research is Al investment. Al investment refers to
the total amount of annual investment in Al hardware and software by listed companies. This
numerical value is statistics and provided by the commercial database CSMAR. To eliminate
heteroscedasticity, improve normality, and reduce the impact of extreme values, this study
uses the logarithm of Al investment (AITR) to measure the explanatory variable. The control
variables in this research are shown in Table 1.

Table 1 - Variable definition table

Type of variable Variable name Variable symbol

Company scale Size
Asset-liability ratio Lev
Inventory ratio INV
Increase rate of business revenue Growth
Total asset growth rate TGROW

CONTROLS Accounts receivable ratio REC
Age of company FirmAge
Management shareholding ratio Mshare
Large shareholders' capital occupation Occupy
Long-term capital debt ratio LTPR
The proportion of intangible assets IAR

Model construction. Based on the content of this research, the empirical analysis
model is constructed as follows:
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Benchmark regression model
BDRLI.’ - Cf{] + aIAITRI'It + ,GX + ‘H'I' + }’Ea}”t + Ei.t (1)

In the formula, i and t are the data of the i-th enterprise in the year, a, is intercept,
BDR is the talent reserve, X is the control variable, 4; is the individual fixed effect, year; is
the time fixed effect, €, ; is the random disturbance term.

Mediation regression model. Theoretical analysis has found that investing in Al can
increase the proportion of technical personnel in enterprises. The increase in the proportion of
technical personnel can promote the talent reserve of enterprises. This research selected the
proportion of technical personnel (TPR) in enterprises as the mediating variable. The model
transmission formula is Formula 2 and 3.

TPR;; = Yo +V1AITR;; + y'X + A; + year; +n;; (2)
BDRi.t = 50 + 51AITRI'I + SZTPRI'I + SIX + ‘H'I' ‘I‘}’E(Irt + E'I-.t (3)

In the formula, is the TPR;, transmission variable, which is the proportion of technical
personnel in enterprises every year.

Moderating effect model. This research constructed a moderating effect model and
conducted a moderating effect analysis. The ratio of regional Al subsidy funds to GDP (AIVG)
was used as a moderating variable. The model transmission formula is Formula 4.

BDR;[.IT = @q + @1AITRI'I + (PEAIVG * AITRIt + @3AIVGI'I + (P:V +/”11 +}’Bal"t + I ¢+ (4)

In the formula, the interaction AIVG = AITR, , term of explanatory variable and
moderator variable is explained, and the other symbols have the same meaning as model 1.

Results and discussion. Table 2 presents the results of the benchmark regression.
Column (1) shows the regression results without control variables and fixed effects. The
results show that the AITR regression coefficient is significantly positive, proving that Al
investment can improve corporate talent reserves. Column (2) shows the results of adding
company and year fixed effects to the model. Column (3) included all control variables and
fixed effects. The regression results are all significant. AITR is a logarithmic structure. BDR
is a percentage structure. Therefore, the coefficients indicate that a 1% rise in AITR raises the
proportion of BDR by approximately 0.00378 percentage points. The mean of BDR is 0.321.
A 1% increase in Al investment raises the proportion of highly educated workers by
approximately 0.0118% relative to its mean. This proves that Hypothesis 1 is valid.

Table 2 — Regression analysis results

. 1) (2 3)
Type of variable BDR BDR BDR
AITR 0.0251*** 0.00416*** 0.00378***
(33.9) (8.28) (7.03)
CONTROLS No No Yes
cons -0.078*** 0.255*** 0.311***
(-6.61) (31.78) (7.04)
Firm Yes Yes
Year Yes Yes
N 23196 23196 23145
F 1149*** 69*** 31***
r2 0.0472 0.949 0.950
r2 a 0.0472 0.938 0.939

Notes: * p<0.1, ** p <0.05, *** p <0.01
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Model robustness test. This research conducted robustness tests from four aspects. As
shown in Table 3, the first column shows the robust standard error results. The second column
shows the regression results after removing the 2019 sample. The third column shows the
regression results after adjusting the sample period to 2018-2023, because high-quality
literature using Al as a tool was published after 2018. The fourth column shows the regression
results after adding industry fixed effects. The above robustness tests are all significant,
indicating that the results of this model are robust.

Table 3 — Robustness test results

1) 2 3) (4)
Variable Robust standard Excluding data from | Samples after 2018 Fixed effects
error BDR 2019 BDR BDR industries BDR
AITR 0.00378*** 0.00387*** 0.00264*** 0.00344***
(5.15) (6.75) (3.86) (6.45)
CONTROLS Yes Yes Yes Yes
Firm Yes Yes Yes Yes
Year Yes Yes Yes Yes
Industry No No No Yes
N 23145 20626 15593 23143
F 16*** 30*** 9*** 27***
r2 0.950 0.950 0.971 0.952
r2_a 0.939 0.938 0.962 0.941

Notes: * p<0.1, ** p <0.05, *** p <0.01

Endogeneity test of the model. Instrumental variable method. This research uses
instrumental variable regression to address endogeneity issues caused by reverse causality,
omitted variables, and selection bias, thereby improving the credibility of benchmark
conclusions. The frequency of appearance of Al terms in annual reports of listed companies
(MDAIWT) as an instrumental variable (IV). This instrumental variable is highly correlated
with investment in Al technology, but not with residual terms. The regression results of two-
stage least squares are shown in columns (1) and (2) of Table 4. The regression coefficients
are significantly correlated at the 1% level of significance. The Kleibergen-Paap rk LM test
value is 36.83. The Cragg Donald Wald F statistic value is 30.416. Confirm that there are no
recognition issues with the model and that the instrumental variables have been tested. This
once again confirms hypothesis 1, that Al technology investment promotes talent reserves in
enterprises.

System Generalized Method of Moments. The intensity of R&D expenditure (RDEI)
and its lagged values are used as instrumental variables, with RDEI having no direct impact
on BDR. The R&D expenditure intensity of listed companies is the ratio of R&D expenses to
revenue. In Table 5, column (3) presents the SYS-GMM analysis, and the regression results
show that Arellano-Bond test for AR(1) P equals 0.000, indicating first-order autocorrelation
in the first-difference residual. Arellano-Bond test for AR(2) P equals 0.110, suggesting that
the difference-in-differences error term is reasonable and the instrumental variables are
acceptable. In the Hansen test, P equals 0.634, within an ideal range. Additionally, the
regression coefficient of AITR is significantly positive at the 1% level, further confirming that
Al technology investment promotes corporate talent reserves.
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Table 4 - Endogeneity Analysis result

1) ) ®)
Variable 2SLS first stage 2SLS second stage SYS-GMM
AITR BDR BDR
AITR 0.0838***
4.23
0.155***
v
6.44
Anderson canon. corr. LM 36.83
Cragg-Donald Wald F statistic 30.416
0.878***
L.BDR
0.046
0.018***
AITR
0.007
Arellano-Bond test for AR(1) 0
Arellano-Bond test for AR(2) 0.11
Hansen 0.634
CONTROLS Yes Yes Yes
Firm Yes Yes
Year Yes Yes
N 22801 23039 15459
F 246*** 14%%*
r2 0.879 -1.121
r2_a 0.853 -1.572
Notes: * p < 0.1, ** p < 0.05, *** p < 0.01

Analysis of transmission mechanism. Al technology will increase the demand for high
skilled labor while reducing the need for low skilled labor. Al tends to reallocate work toward
more skill-intensive tasks, leading to an increased demand for skilled talent in companies.
Manufacturing companies' investment in Al technology has increased the demand for high
skilled labor [16]. Teams with a higher proportion of employees who have received higher
education are more likely to produce innovative results. Digital transformation has
significantly increased the proportion of highly educated and technically skilled employees
and R&D personnel in companies [17]. As shown in Table 5, at the 1% level, AITR has a
significant positive effect on TPR, and at the 1% level, TPR also has a significant positive
effect on BDR. Empirical evidence shows that Al investment can significantly increase the
demand for technical personnel in enterprises, and the increase in the proportion of technical
personnel promotes the company's talent reserve. The empirical results support hypothesis 2.
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Table 5 - Mediating regression results

. 1 2
Variable
TPR BDR
0.00250***

AITR

4.37

0.269***
TPR
41.14

CONTROLS Yes Yes
Firm Yes Yes
Year Yes Yes
N 23145 23145
F 12%** 170***
r2 0.923 0.954
r2_a 0.907 0.944
Notes: * p < 0.1, ** p < 0.05, *** p < 0.01

Moderation effect analysis. Government subsidies can significantly stimulate
corporate innovation inputs and outputs. This indicates that well-designed Al subsidy policies
can effectively lower the financial threshold for companies to adopt Al. Regional policies can
attract and retain Al talent, thereby enhancing the human capital element of the regional
innovation system. This study conducted a regression analysis on the moderating effect, and
the results are shown in Table 6. The coefficient of the interaction term AIVG*AITR on the
dependent variable BDR is 0.00109, which is significant at the 1% significance level. This is
consistent with the direction of the influence of AITR on BDR in the benchmark regression,
and is also significant, indicating that the moderating effect is valid. Regional subsidy funds
can enhance the positive impact of corporate Al technology investment on talent reserves,
thus verifying hypothesis 3.

Table 6 - Moderator analysis results

Variable BDR
0.00365***
AITR (6.07)
- 0.00109***
AIVG*AITR 2.97)
0.00847***
AIVG 3.77)
CONTROLS Yes
Firm Yes
Year Yes
N 19131
F 24%**
r2 0.951
r2 a 0.940

Notes: * p <0.1, ** p <0.05, *** p <0.01
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Heterogeneity analysis. According to the analysis of the nature of the enterprise, the
results are shown in Table 7. The impact coefficient of AITR on BDR of state-owned
enterprises is 1.55, indicating no significant correlation. For private enterprises, the impact
coefficient of AITR on BDR is 5.1, which is significantly correlated at the 1% level. Through
the analysis results, it is concluded that Al technology investment has a significant promoting
effect on talent reserves in private enterprises.

Table 7 - Heterogeneity Analysis result

Variable State-owned enterprise Private enterprises
BDR BDR
0.00167 0.00315***

AlTR (1.55) (5.10)

CONTROLS Yes Yes

Firm Yes Yes

Year Yes Yes

N 5577 17519

F 14*** 16***

r2 0.957 0.950

r2_a 0.947 0.939

Notes: *p <0.1, ** p <0.05, *** p <0.01

Private enterprises have a more flexible market competition environment and higher
decision-making efficiency than state-owned enterprises. Private enterprises aim to maximize
efficiency [18], and therefore tend to increase investment in technology to achieve higher
benefits. This prompts private enterprises to quickly use Al technology to build knowledge
teams and give full play to the role of Al investment. The mission objectives of state-owned
enterprises limit their investment in Al and talent training, and they are susceptible to
administrative and political factors. State-owned enterprises bear more policy and social
responsibilities, and their decision-making focuses on serving national strategic stability and
fulfilling social responsibilities [19]. When state-owned enterprises increase investment in
artificial intelligence, there is no need to make major adjustments to personnel, so the effect of
improving "talent reserves™ through Al investment is not significant. An empirical analysis of
Chinese small and medium-sized enterprises found that Al investment only showed a labor
structure adjustment effect in private enterprises, while this coefficient was not significant in
state-owned enterprises [20]. Therefore, the effect of enterprise Al investment on enterprise
talent reserves is more obvious in private enterprises.

Conclusion. Al investment promotes the reserve of talent in enterprises, which is a
key issue in transforming Al investment into productivity. This study aims to analyze the
impact of Al investment on corporate talent. This article uses data from Chinese listed
companies from 2014 to 2023 to analyze the impact of enterprise Al investment on talent
reserves. Empirical analysis shows that Al investment promotes talent reserves in enterprises;
Al investment promotes enterprises to increase the proportion of technical personnel, thereby
promoting the improvement of talent reserves; Government subsidies can strengthen the role
of Al investment in enhancing the talent pool of enterprises; Al investment plays a more
significant role in private enterprises.

Based on the research results, the following policy recommendations are proposed:

1) Financial subsidies enhance the impact of enterprise Al investment on talent
reserves. Subsidies are divided into policy subsidies and financial subsidies. Policy subsidies
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promote the sharing of Al resources, while funding subsidies help companies absorb technical
talents during their development stage and promote talent reserves.

2) Enterprises utilize Al technology to train internal talents. Internal Al training can
quickly increase talent reserves, enhance enterprises' ability to respond to the challenges of Al
technology investment, and maintain a competitive advantage in Al technology
transformation.

This study focuses on the impact of Al investment on enterprise talent reserves.
Although the data is accurate, there may still be some differences between Al financial
indicators and the actual Al investment and application status of enterprises. Therefore, future
research can further integrate industry and productivity indicators of enterprises to analyze
their talent needs.
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"KACAHJIbI UHTEJUIEKTKE MHBECTHLIMSIIAPIBIH KAJIPIBIK PE3EPBIHE OCEPI: KBITAM
KOCIMOPBIHJAPBIHBIH TOKIPUBECI HETT3IH/IE

JI. Cw3’, 3.T. Camnaesa™, A.K. Tionvkyoaesa’, /I.M. Kanzanaxosa

'On-@apadbu ameindaevl Kazax yimmelx ynueepcumemi, Aimamot, Kazaxcman
’Kasaxcman Pecnybonuxacol Folnvim sicane sicozapel 0inim munucmpiiei Fouivim komumeminiy SKoHomMuka
uncmumymul, Aamamel, Kazaxcman

Tyiin. bByn 3epmmeyoiy maxcamel - dcacanovl ummennekmxe (KH) uneecmuyuaniapoviy
KOMRAHUALAPObIY KAOPILIK pe3epeine acep emy MeXanusmin dicane pouain sepmmey, KH-men 6aiinanvicmol
mpauchopmayust npoyecinoe KacinopblHOapovly 6ICeKeNecmiK apmblKUbLILIKMAPbIH CaKmayobl KAMMAMACHI3
emy. StataMP 17 depexmepoi manday b6az0apiamanvl KYpaivlh namoaiana omseipvin, maxaiada 2014-2023
JHCHLIOAD  APANBIZLIHOARLL  OUPIICAOA MIPKel2eH KblMauiblK KOMAAHUALAPObIY KOPHOPAMUSMIK Oepexkmepi
Mmandansln, MEXHONOSUSANLIK MPaHchopmayusHbly dcana Keskapacel Oouvinwa KU uneecmuyusiapvinoly
KOMRAHUALAPObIY KAOPILIK Pe3ePEin KANbINMACMbIPY2a acepi mMypaibl IMRUPUKATBIK, 3epmmeyiep HCypeizineoi.
Homuoicenep KU unsecmuyusiniapbl KOMnanusiapovly Kadp pe3epeine aumapivblKmatl bIHMAaIAHObIpYUuLbl acep
ememinin xopcemeoi; KU unsecmuyusnapwinoiy 1 Oiprikke ynearouvl kadp pesepsiniy koappuyuenmin 0,378%-
2a apmmuipaowvl. JKU-ke unsecmuyusiap mexHuKaiblk nepcoHailobiy Yiecin Yaeaiumy ecebinen KOMRAHULapObLH
KaopavlK pesepsin Kanvinmacmolpyea viknan emedi. Couodati-ax owipnix Oeneeudezi JKHU-0i cybcudusnay
casicamvl JKH-2e ungecmuyusiiapowly Kaopivlk pezepske acepin Kywietime anamulibih kopcemmi. ConblMen
kamap JKH-ce uneecmuyusiapOovly —KaOpIblK —Pe3epéKe  bIHMALAHObIPYUIbL  bIKNAIbL  JiCeKe  MEHULIK
KaCINOpuIHOapOa HeaYpiviM atikbli OAUKAIAMbIHbIH KOPCEMMA.

Tyitinoi ce3oep: dcacandvl UHMENLIEKM, KAOPIbIK pe3eps, UHGECHMUYUSIAD, IMAUPUKAILIE MAioay,
MEXHONO2UANBIK, MPAHCHOPMAYUSL.

BJIVSTHUE WTHBECTHUIIAN B UCKYCCTBEHHBIA MHTEJJIEKT HA KA/IPOBBIN PE3EPB
HPEJIPUSATHIA: OIIBIT HA IPUMEPE KUTAVMCKHX ITPEANPUATHI

JI. C1w3%, 3.T. Camnaesa®, A.K. Twnvkybaeea’, /.M. Kanzanaxoea®

1Kazaxckuil HayuoHanvhsill yrusepcumem umenu ano-Dapabu, Anmamol, Kazaxcman
2Uncmumym sxonomuku Komumema nayku Munucmepcemea nayku u vicuie2o oopasosanus Pecnyonuxu
Kaszaxcman, Anmamul, Kazaxcman

Pestome. Llenv Oannozo uccne008anus - U3yUUmMb MeXaHusM 6030elcmsus U poilb UHEECTHUYUL 8
uckyccmeennvlii unmennexkm (MH) na xadposvlii peseps Komnauuil, obecneyusas coxpamerue KOHKYPEeHMHbIX
npeumywecme npeonpuamuil 6 npoyecce mpancopmayuu, ceazaunou ¢ HMU. Hcnonv3ys npoepammuoe
obecneuenue ons ananusa oannwix StataMP 17, 6 cmamve ananusupyioncs KopnopamueHsle OaHHble KUMAanCKux
KOMRaHuil, Komupylowuxcsa Ha oupdce, 3a nepuod ¢ 2014 no 2023 200, u nposooumcs smnupuyeckoe
uccneoogarue enuanus uneecmuyuti 6 UM na gopmuposanue xaopogozo pesepea KOMNAHUL C HOBOU MOYKU
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3peHust mexuono2uyeckol mpancopmayuu. Pezynomamol nokazvieaiom, umo uneecmuyuu ¢ MU oxaszvisaom
3HauUmMenvHoe cmumMynupyloujee 8o30elcmeaue Ha Kaoposvlll peseps KOMNAHUL; Npu Yeerudenuy UH8ecmuyuil 6
U na eounuyy xosghguyuenm kaoposozo pesepsa sospacmaem na 0,378%. Unsecmuyuu ¢ HU cnocobcmeyiom
@opmuposanuio Kadpoeoeo pesepea KOMHAHULL 34 CYem ygenuyeHnuss 00U MeXHUUEeCKo20 NepCOHANd.
Hccnedosanue makdice nokazano, ymo pecuoHaibHas ROIUmuka cyocuouposanus MU mooicem ycunumo enusmue
uneecmuyuti 6 MU na xadposviii pezeps, npuuem cmumynupyrowee eozoeiicmeue uneecmuyuii ¢ UHU na
Kaoposbill pezeps 6oiee 3HAUUMENbHO 8 YACMHBIX NPEONPUSMUSIX.

Knrwouegvle cnoga: uckyccmeeHHulii UHMENIEKM, KAOPOGbll pe3eps, UHBECMUYUU, IMAUPULECKULL
aHau3, MexHoNo2UYecKas MmpaHcohopmayus.
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